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1 Introduction

This document is a modification of a technical report from the Mayo Clinic Division of
Biostatistics [6], which was itself an expansion of an earlier Stanford report [5]. It is intended
to give a short overview of the methods found in the rpart routines, which implement many
of the ideas found in the CART (Classification and Regression Trees) book and programs
of Breiman, Friedman, Olshen and Stone [1]. Because CART is the trademarked name of
a particular software implementation of these ideas, and tree has been used for the S-Plus
routines of Clark and Pregibon [2] a different acronym — Recursive PARTitioning or rpart
— was chosen. It is somewhat humorous that this label “rpart” has now become more
common than the original and more descriptive “cart”, a testament to the influence of freely
available software.

The rpart programs build classification or regression models of a very general structure
using a two stage procedure; the resulting models can be represented as binary trees. An
example is some preliminary data gathered at Stanford on revival of cardiac arrest patients
by paramedics. The goal is to predict which patients can be successfully revived in the field
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